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Human Capital and Economic Growth in OECD Countries
Abstract
The results of the PISA 2000 study renewed the interest in the contribution of
human capital to economic growth. So far the exploration of large country
comparisons delivered rather mixed results. Concentrating on those OECD
membercountrieswhichparticipatedinPISA2000,thispaperusespaneldata
estimation techniques to refine this analysis.Estimation results reveal a posi-
tive impact of the human capital stock on economic growth suggesting that an
increase in the average schooling years by one year yields a rise in the GDP
growth rate of about 0.5 percentage points. However, when taking possible
endogeneityintoaccountinaninstrumentalvariablesapproach,theseconclu-
sions on the impact of the level of human capital on economic growth is dem-
onstrated to be rather fragile.
JEL-Classification:O40,I20,C23
Keywords: Human capital accumulation, Convergence, Fixed-effects estima-
tion,Instrumental variable estimation
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The results of the Programme for International Student Assessment (PISA
2000)(OECD2001)resultedinaheavydebateonthedeterminantsofthestu-
dents’performanceespeciallywithincountriesshowingarelativepoorperfor-
mance (e.g.Fertig 2003).But it has also renewed the interest in the linkage of
human capital and economic growth (The Economist 2002).
Theoretically, seminal papers establishing the positive relationship between
human capital and growth are Mankiw et al. (1992) as well as Lucas (1988).
Empirically,Romer(1989)wasamongthefirsttorunad-hoccross-countryre-
gressionswiththegrowthrateofGDPasthedependentvariableandincorpo-
rating a human capital proxy variable as one of the regressors.He found that
adult literacy is positively associated with economic growth.Since then a large
body of literature has investigated various education-related determinants of
economic growth.Pinning down a robust relationship between variables mea-
suringhumancapitalandeconomicgrowth,however,turnedouttobearather
difficult endeavor (Krueger, Lindahl 2001). Often, educational variables are
insignificant or even display a negative association with growth.
This rather counterintuitive result could be due to methodological problems
typical for empirical growth studies. The first is the likely endogeneity of the
regressors in growth regressions stemming e.g. from the positive “education
demand effect” of higher income (Mankiw 1997). In principle, this problem
can be solved by instrumental variables estimation.The second problem is the
lack of independence of education from other sources of growth. If, for in-
stance, education is fostered together with other policy measures enhancing
growth,this results in an omitted variable bias.Finally the data quality is often
amatterofconcern(DelaFuente,Doménech2002).Nearlyalldataoneduca-
tional stocks show anomalies like high variability over short periods of time,
implausible values or trends.
This paper analyzes the impact of the human capital stock as well as its rate of
accumulationoneconomicgrowth.Previousstudieshaveconcentratedonthe
influence of either the educational stock or its accumulation. Since theoreti-
cally both variables are related to economic growth,it seems counterintuitive
toexcludeoneoranotherfromtheanalysis.Furthermorethestudyfocuseson
OECD countries for three reasons. Firstly the data quality for developing
countries seems to be less reliable as the non-market sector is presumably
larger (Schneider,Enste 2000).Secondly,even if one accepts this drawback,it
might be inappropriate to draw conclusions for industrialized countries out of
samples dominated by developing countries (Temple 2001: 73). Thirdly, pro-
viding reliable evidence for OECD countries proves to be a serious empirical
challenge in itself.Previous studies confined to the OECD deliver conflicting




supports a negative impact of education on economic growth. In contrast
OECD(2003)findsasignificantpositiverelationshipbetweenthehumancap-
ital stock and economic growth applying a dynamic panel approach.
However both results could be affected by econometric pitfalls. Whereas the
former do not adequately account for further determinants of economic
growth,thePooledMeanGroupapproachofOECD(2003)isverysensitiveto
the modeling of short run dynamics to capture business cycle effects (Temple
1999:132).In addition this method is plagued by data problems,since one has
to interpolate the available data to obtain annual values,especially in the case
of human capital variables.In this paper,a fixed-effects estimator is applied to
accommodate omitted variables that are constant over time,as was first done
inagrowthregressioncontextbyIslam(1995).Furthermore,tomeetconcerns
of the possible endogeneity of the independent variables, the results are fur-
ther tested by an instrumental variables (IV) approach.
The remainder of the paper is organized as follows.The next section provides
an overview on the theoretical relationship between human capital and eco-
nomic growth and the available empirical evidence. Section 3 describes our
own empirical analysis of education and growth in the OECD countries.Sec-
tion 4 discusses the empirical results,and section 5 offers some conclusions.
2. Human capital and economic growth – theory and empirical evidence
The different schools of economic growth theory provide diverse answers on
the question how the per capita growth rate of GDP depends on human capi-
tal or whether there is any relationship at all. Mankiw et al. (1992) present a
human capital-augmented Solow model in which human capital serves as an
ordinary production factor: it appreciates at the same rate as physical capital
and is produced by the same technology. Due to diminishing returns to scale,
as in the original Solow model,an increase in the time devoted to human capi-
tal accumulation has only a transitory effect on the growth rate which con-
verges to its steady state level afterwards.
Incontrasttotheneoclassicalgrowththeoryinwhichlongrungrowthisexog-
enously determined by technological change,the so-called new growth theory
(Romer 1986) explains the level of growth within the model. In a closely re-
lated paper (Lucas 1988) human capital is labor-augmenting and character-
ized by constant returns to scale. This decisive assumption entails self-sus-
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1 The mean average schooling years in 1995 was 8.98 years.tained growth driven by human capital accumulation.2 By contrast, steady
state growth additionally depends on the human capital stock in Romer
(1989).Inhismodel,theskillsoftheworkforcearethekeydeterminantforthe
generation of new ideas and thus for the intensity of R&D. The same argu-
ments hold for the models of Baumol (1986) and Barro (1991) in which coun-
tries with a better educated workforce find it easier to catch up to the techno-
logical leaders via imitation.Thus the level of human capital alters total factor
productivity and thereby exhibits a positive impact on the growth rate of the
economy.
In the empirical literature the discrimination between these theories is any-
thing but clear-cut. The reason for this is the long-term character of the
steady-stateintheSolowmodelandthefactthateconomiesseemtoconverge
only slowly to the steady-state. Because of conditional convergence, i.e. all
other things equal countries grow faster the further they are away from their
steady-states,itisratherdifficulttodiscriminatebetweenlongrunandtempo-
rarygrowtheffectsonthewaytothenewsteadystate.Thisinturnimpliesthat
government policies or human capital accumulation affect even the rate of
growth for some time. This would also be consistent with the model of Lucas
(1988)asitsuggestsapositivelinkagebetweentherateofhumancapitalaccu-
mulation and economic growth.
Furthermore, due to the lack of adequate data, empirical studies have so far
often used flow and stock variables interchangeably (Gemmell 1996: 12).
Schoolenrollment,forexample,isratheraproxyforhumancapitalaccumula-
tion than for the human capital stock but has been widely used in the context
ofboth.Thishoweverrendersadistinctionbetweenthehypothesesoftheaug-
mented Solow model,and the Lucas and Romer models impossible.
Moreover, the existing empirical studies are characterized by a change in the
variables of interest.In the beginning stock variables have been incorporated
into growth regressions and have turned out to be positively related to subse-
quent growth, especially in cross-country approaches. Romer (1989) finds a
positiveeffectofadultliteracyratesoneconomicgrowth.Barro/Sala-i-Martin
(2004) reveal a positive association between male secondary and higher
schooling and economic growth. A similar result is reported by Gemmell
(1996), who utilizes an especially constructed measure of school attainment.
Panel data studies,however,deliver ambiguous results.In Islam (1995) the co-
efficient of average schooling years is significantly negative while the study of
OECD (2003) yields a positive influence of the same measure on growth.
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2 Lucas (1988) even incorporates the average level of human capital to cover spillover-effects.Its
one-time increase however has only an impact on the level of output and therefore works
Hicks-neutral (Rudd 2000).Traditional earnings functions though imply a role for the change in educa-
tional attainment (Pritchett 1996).This induced studies confined to the analy-
sis of accumulation effects.Yet their results have been rather mixed.While de
la Fuente/Doménech (2000) find positive effects of the change in educational
attainment using their own compiled data for OECD countries, coefficients
have either turned out to be insignificant (Romer 1989; Barro, Sala-i-Martin
1995) or display negative signs (Benhabib,Spiegel 1994;Caselli et al.1996) in
other studies.
Hence, the conflicting results in the existing literature suggest including both
types of variables in growth regressions,the human capital stock as well as its
change. This is exactly the approach taken in this paper. The next section de-
scribes the utilized data and the empirical strategy in more detail.
3. Data description and estimation procedure
Empiricalfindingsdemonstratethattheconvergenceprocessacrosscountries
is not identical across countries but conditional on the variation in countries’
steady-states (Barro, Sala-i-Martin 1991). Therefore, neglecting the corre-
sponding level of technology would cause omitted variable bias. A suitable
way to avoid this problem is to apply a fixed-effects model (Temple 1999:123)
in order to control for the unobserved level of technology,resulting in the fol-
lowing model:
(1) ∆yX D D Z Z it it N N T T it =+ + + + + + + + αβ γ γ δ δ ε 22 22 ... ...
where ∆yit denotes the growth rate of per capita GDP for country i in period t.
The matrix X it represents observable explanatory variables andε it marks the
error term,which is iid(, ) 0
2 σε .The disturbances are assumed to be independ-

















for time period t ,...,
In the empirical application, data for 29 OECD countries (except Luxem-
bourg) is utilized. The time period covers 36 years from 1965 to 2000 and is
separated into five-year intervals to adjust for business cycle fluctuations.3
Variablesincludedcomprisetheannualizedgrowthrateofrealratioofinvest-
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3 While even longer time-spans mitigate the problem of cyclical behavior,it leaves little time se-
ries variation in the data (Temple 1999:132).ment to GDP per capita as the dependent variable and GDP per capita() , yit −1
and the fertility rate() , fertit −1 at the beginning of the observation interval,the
average ratio of investment to GDP () ,/ invit t −1 , the average ratio of govern-
ment consumption to GDP () ,/ govit t −1 , the average ratio of exports plus im-
ports to GDP() ,/ trit t −1 ,as well as the average inflation rate() ,/ pit t −1 between t–1
and t as regressors. From the large list of possible determinants of economic
growth these have emerged as a standard set of variables (e.g. Barro,
Sala-i-Martin 2004; Temple 1999). The human capital variables incorporated
are the average schooling years at the beginning of the interval as well as the
secondaryschoolattainmentofthepopulationaged25andoverduringthein-
terval() , hc hc it i t −1 and ∆ .4 Thus,the following regression is estimated:
(2) ∆y y inv gov tr fert it i t it it it i =+ + + + + − αβ β β β β 11 23 4 5 log ,, t−1
++ + ++ + −−
= = ∑ ββ β γδ ε 51 6 1 7
1 1





,, ∆ ∑ .
National Accounts figures are taken from the Penn World Table, Version 6.1
(PWT) by Heston et al. (2002). The GDP per capita at the beginning of the
sample period approximates the „starting position“ of the countries and is
used instead of measures of the capital stock since different assumptions on
depreciation rates render cross-country data hardly comparable (Barro,
Sala-i-Martin 2004: 516 f.). Because of the logarithmic scaling the coefficient
corresponds to the rate of conversion if the length of the observation period is
negligible.5 The investment ratio aims at approximating the impact of savings
on economic growth and thus is expected to exhibit a positive effect on eco-
nomic growth. Government consumption is assumed to disturb market out-
comesandshouldthereforedepressthegrowthrate.Onefurthervariablecon-
structed from the PWT is the ratio of exports and imports to GDP as a mea-
sure of international openness.A higher openness signals a higher division of
labor which is assumed to enhance growth.
The fertility rate stems from the Population Database of the United Nations
(http://esa.un.org/unpp/). Since a higher fertility rate contributes to popula-
tion growth,it has a negative effect on the steady-state capital endowment per
worker. Therefore, we would expect a negative impact on economic growth.
Furthermore,the average inflation rate in the sample period is included to ap-
proximate financial stability. High inflation would distort market outcomes
and should therefore attenuate growth.This variable is provided by the Inter-
national Monetary Fund Financial Statistics (IFS).
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4 For a detailed description of the variables see table 5 in the Appendix.
5 In particular, the coefficient on the initial log of GDP is equal to−−
− () / 1 eT
T ω with T repre-
senting the sample period and the convergence rate (Barro,Sala-i-Martin 2004:517).The stock of human capital is approximated by the average years of schooling
of the population aged 25 and over which is provided by Barro/Lee (2001).
This variable is supposed to measure the human capital stock and, therefore,
corresponds to the beginning of the observation interval. As already men-
tioned, previous findings do not clearly indicate if only the stock of human
capital should be relevant to economic growth.Therefore the change in aver-
age schooling years is also included. Finally, to test the robustness of the re-
sults, a second set of specifications is estimated in which human capital is ap-
proximated by (the level and change of) secondary school attainment of the
population aged 25 and over from the same source.Clearly,it would be more
appropriatetoincludevariablesthatmeasurethehumancapitaloutputrather
than the input,as the educational systems can differ considerably with respect
to efficiency.6 Unfortunately, output variables like illiteracy rates are either
not meaningful for a sample of industrialized countries7 or not available for
the full country sample.
One of the most challenging problems of growth studies is the likely
endogeneity of the right hand side variables.This is especially true in the case
of human capital variables as education may be highly income elastic and as
service sector-dominated high-income economies may ask for a better edu-
cated workforce (Schultz 1986; Sianesi, van Reenen 2003: 169 f.). Even if hu-
man capital is measured at the beginning of the observation interval, the as-
sumption of predetermination (e.g.Barro,Sala-i-Martin 2004:524) may be vi-
olated.In the model of Bils/Klenow (2000) e.g.higher expected growth works
likealowerinterestrateattributingahighervaluetofuturehumancapitallev-
els and thus inducing higher schooling.
This paper uses IV-estimation to overcome this problem. However, finding a
suitable instrument is anything but trivial since a variable has to meet two cri-
teria to be a valid instrument. Firstly, it has to be correlated with the variable
for which it should serve as an instrument, i.e. human capital, and secondly, it
must not be correlated with the error term of the original equation. That is,
conditional on the other variables included,their influence on the growth rate
shouldexclusivelyoperatethroughtheirimpactoneducation.Previouslypro-
posed instrumental variables have proven to be only weakly correlated with
theschoolingvariable.Bils/Klenow(1998)suggestusingthelifeexpectancyas
an instrument as the return to schooling rises with a higher life expectancy.
However,regressing average schooling years on the log of GDP per capita as
well as the life expectancy (figures from the United Nations) yields insignifi-
cant results. Furthermore, the exogeneity of life expectancy is anything but
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6 For an attempt using international student test scores see Hanushek/Kimbo (2000).
7 See Wößmann (2003) for a critique of literacy rates as a measure of the human capital stock.guaranteed. The search for possible instruments is further limited because of
the confinement to OECD countries.8
Inthefollowing,weapplytwodifferentinstruments,schoolenrollmentratios9
as well as lags of the schooling variable.The former variable has been used in
thepastasahumancapitalproxyingrowthregressions.Sincehighenrollment
ratesareaprerequisiteforhighattainmentlevels,thisvariableisrelatedtothe
human capital stock. Furthermore, enrollment into higher education alone
doesnotimplyanyskillsrelevantforthelabormarket.Rather,theactuallevel
of attainment obtained by those enrolled in secondary education reflects the
skillsoftheworkforce.Thus,enrollmentratesshouldnotexhibitanyotherim-
pact on economic growth rather than via obtained schooling years. Conse-
quently,lagged (10 years) enrollment rates meet the requirements for a valid
instrument. As an alternative instrument, the 5-year lag of the respective
schooling variable is used. This may be appropriate as the residual of the
growth regression showed no signs of serial correlation10 although it may not
be adequate in the case of unobserved heterogeneity.Because of the applica-
tion of a fixed-effects estimator this unobserved heterogeneity is restricted to
time-variant factors,though.
Inbothcasestheremainingvariablesareinstrumentedbytheircorresponding
values in t–1 (log real GDP per capita, log fertility rate) and their averages
over the preceding observation interval (investment ratio, government con-
sumption ratio,inflation rate) respectively.The trade share is perceived as the
only variable being largely exogenous to economic growth11 and, thus it is
used as its own instrument.
Table 1 provides some summary statistics for the variables in our sample.The
OECD countries grew on average at an annual rate of 3.3 per cent over the
whole sample period.The utilized variables do not display variability as large
as in samples including developing countries. Nevertheless, the sample com-
prises a period of severe economic downturn with an annualized decline of
10 Torge Middendorf
8 A possible instrument for the schooling variables would be the Gini coefficient measuring in-
come inequality. The latter should be correlated with schooling as higher income inequality in-
duces higher schooling. Furthermore, existing studies (Deininger, Squire 1998; Ravallion, Chen
1997) have shown that there seems to be no systematic impact of growth on inequality so that the
instrument would be valid. However, even the large dataset of Deininger/Squire (1996) exhibits
too few observations for the OECD country sample to render such an approach feasible.
9 That is, gross enrolment ratios for secondary education of both genders. Source: UNESCO
World Education Indicators.
10 Forthemodelsintable2andtable3thenullofnofirstorderserialcorrelationcouldnotbere-
jected at conventional significance levels applying the Wooldridge test for autocorrelation in
panel data.
11 Barro/Sala-i-Martin (2004: 530). In fact, the trade share seems to dependent on the country
size which is allowed for by the fixed-effects estimator.5.8% (Slovak Republic in the first half of the 90s) as well as a period of hyper-
inflation (Mexico in the second half of the 80s;Czech Republic and Poland in
the first half of the 90s).The accumulation of human capital (measured in av-
erage schooling years) reaches its maximum in the case of Norway in the sec-
ond half of the 80s with an annualized increase in average schooling years of
0.49.Yet,this is an exceptional case since average schooling years of the work-
ing force on average exhibit much smaller changes over time in our sample.
4. Estimation results
Since coefficient estimates of variables included in growth regressions are
highly sensitive to the inclusion of additional explanatory variables (Levine,
Renelt 1992) it is common practice to assess the variables of interest in a re-
ducedmodelfirstandthenaddvariablesthatarealsoassumedtoberelatedto
economic growth. Therefore, we firstly estimate a reduced model consisting
onlyoftheGDPpercapitaatthebeginningoftheobservationinterval,thein-
vestment ratio and the average schooling years at the beginning of the obser-
vation period as explanatory variables. In the following steps we successively
add the change in average schooling years, the fertility rate and the ratio of
government consumption. The final specification additionally contains the
openness variable and the inflation rate. If one of the variables displays a
counterintuitive sign, further analysis is indicated. For example, one of the
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Summary statistics
Mean Std.dev. Min Max Obs
Dependent variable
Growth rate of the log of real
GDP per capita 0.033 0.025 -0.058 0.133 197
Human capital proxies
Average schooling years 7.700 2.234 2.050 12.180 190
∆ average schooling years 0.078 0.095 -0.122 0.490 191
Secondary school attainment 0.344 0.151 0.039 0.696 190
∆ secondary school attainment 0.005 0.011 -0.045 0.064 191
Control variables
Log of real GDP per capita 9.454 0.495 7.533 10.445 197
Investment ratio 0.236 0.051 0.108 0.397 197
Fertility rate 2.136 0.895 1.180 6.820 195
Government consumption ratio 0.125 0.052 0.043 0.262 197
Trade share 0.510 0.403 0.061 2.462 197
Inflation rate 11.794 18.862 0.412 149.508 196
Instrumental variable
Net enrolment ratio secondary education 76.152 16.845 16.700 98.400 101
Authors’ calculations.– See table 5 in the Appendix for a description of the variables.
Table 1other regressors could be highly correlated with this problematic variable.As
already noted, the estimation has been carried out including country- and
time-fixed effects.
Estimation results are reported in table 2. The human-capital augmented
model fits the data quite well, more than 50% of the variation in the growth
rateofpercapitaGDPisexplainedbythefinalspecification.TheGDPperca-
pitaatthebeginningoftheobservationintervalaswellastheinvestmentratio
display the expected signs and are highly significant throughout the estima-
tions.The coefficient on initial GDP per capita of –0.085 to –0.092 implies that
convergence occurs at a rate between 11.1% and 12.3% per year if all other
variables are held constant. This is noticeably higher than in time series ap-
proaches where it is relatively stable around 2% – 3% per year. An explana-
tion for this result,which is typical for panel estimates,is their ability to accu-
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Schooling years and economic growth: panel estimates
Dependent variable:annualized change in log GDP per capita
Variable
Fixed-effects regression
(1) (2) (3) (4) (5)


































































R2 0.488 0.468 0.492 0.535 0.543
N 190 188 187 187 185
F-test
country-fixed effects 3.60 2.98 3.11 3.69 2.99
time dummies 8.37 5.73 4.50 3.36 3.16
Authors’ calculations. – Standard errors in parentheses. ***/**/*: significant at 1%, 5% and 10%
level, respectively. Regressions were estimated for 5-year changes from 1965 to 2000 including 6
time dummies.Maximum number of countries is 29.F-test (country-fixed effects):testing the hy-
pothesisthatthecountry-fixedeffectsarejointlyzero.ThecriticalvalueoftheF-distribution(1%
significance) is 1.85. F-test (time dummies): testing the hypothesis that the time dummies are
jointly zero.The critical value of the F-distribution (1% significance) is 2.95.
Table 2rately capture differences in institutional settings by accounting for country-
fixed effects (Islam 1995).
Beginning with the variables of interest, the human capital stock displays the
expected positive impact.This implies that the human capital stock positively
affects economic growth by increasing a country’s ability to adopt new tech-
nologies as proposed by Romer (1990). The magnitude of the coefficient is a
bit larger than in previous studies and implies that an increase in average
schooling years of one standard deviation (1.90 years in 1995) raises the
growth rate by 0.9 percentage points,all other things equal.However,this re-
sultstandsincontrasttopreviouspaneldataapproacheswherethecoefficient
onthehumancapitalstockisoftennegative(delaFuente,Doménech2000:1).
When the change in average schooling years is added to the growth equation,
itexhibitsnosignificantimpact.Thisresultisinsensitivetothespecificationof
the growth regression and it is in line with the previous studies of Romer
(1989), Benhabib/Spiegel (1994) and Barro/Sala-i-Martin (1995), although
thesearedirectedtowardslargercountrysamples.Thesefindingsthusprovide
arguments in favor of level effects of human capital in OECD countries.This
wouldbeconsistentwitheducationworkingthroughanalterationoftotalfac-
tor productivity.




all other things equal.Yet augmenting the equation by the trade share and the
inflation rate leaves the fertility rate insignificant.The significance of the gov-
ernment consumption ratio seems to depend on the model specification, too.
If the inflation rate is added to the regression, the size of government con-
sumption can no longer explain a significant part of the per capita growth rate
of GDP.Inflation itself is significant at the 5%-level and attenuates growth by
0.6% points if it rises by one standard deviation (24.4 in 1995).
To test the robustness of the results,the schooling variables were replaced by
secondary school attainment rates (table 3).The investment in human capital
is accordingly represented by the change in secondary school attainment.
From the results in table 3 it becomes transparent that the findings are largely
robusttothechangeofthehumancapitalvariable.Themostnoticeablediffer-
ence to the first model is the higher coefficient on the investment rate. The
proxy for the human capital stock still shows the positive impact on economic
growth although significance drops to the 10%-level in the full model. A one
standard deviation in secondary school attainment (0.128 in 1995) raises the
growth rate by 0.5 percentage points,all other things being equal.The change
in the schooling variable however is again insignificant in all specifications.
Human Capital and Economic Growth in OECD Countries 13As already noted, some of the coefficients are likely to be affected by
endogeneity bias. To account for this, we apply a fixed-effects IV-estimator.
Sincethechangeinschoolingseemstoplaynoroleforeconomicgrowth,these
regressions are focusing on the level effects of the human capital proxy.In the
first set of IV-estimates the human capital variables are instrumented by their
respective values in t–1.The corresponding instruments for the remaining en-
dogenous variables are values in t–1 for the variables measured at the respec-
tivebeginningofthesampleperiod(logrealGDPpercapita,logfertilityrate)
and averages over the preceding observation interval for the variables mea-
sured as ratios (investment ratio, government consumption ratio, inflation
rate).Thetradeshareentersasitsowninstrument.AsthefirststageoftheIV-
estimation shows (table 6 in the Appendix), the basic condition of a statisti-
callysignificantcorrelationbetweentheinstrumentsandtheproposedendog-
enous regressors is met. Nearly all instruments are correlated with their
regressors at the 1% significance level.12
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School attainment and  economic growth: panel estimates


























Fertility rate – – –0.005
(0.004)
Government consumption ratio – – –0.048
(0.043)
Trade share – – 0.069***
(0.020)








R2 0.489 0.473 0.544
N 190 188 185
F-test
country-fixed-effects 3.58 3.03 2.96
time-dummies 10.91 8.42 3.69
Authors’ calculations.For annotations see table 2.
Table 3
12 The lagged value of the inflation rate seems to be a weak instrument though. To test the ro-
bustness of the results the index of capital controls (Source:IMF) has been utilized as another in-
strument with no fundamental change in the results.Estimation results are available from the au-
thor upon request.IntheIV-approach,oneofthehumancapitalproxies,averageyearsofschool-
ing,nolongeraffectseconomicgrowthsignificantlywhereassecondaryschool
attainment is significant at the 5%-level (table 4 columns (1) and (2), respec-
tively). In the case of the latter variable the coefficient even doubles in size
compared to the fixed-effects estimation. The results suggest that a one stan-
dard deviation rise in the human capital stock (0.128% in the case of second-
aryschoolattainmentin1995)raisesgrowthby1.0%.Inconsequence,thecon-
vergence rate increases to 13.13% – 14.34% whereas both the inflation rate
and the share of government consumption become insignificant. The trade
share still exhibits a positive impact on growth.
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Human capital stock and economic groth: fixed-effects IV-estimates
Dependent variable:annualized change in log GDP per capita
Variable









Secondary school attainment – 0.085**
(0.042)
–










































R2 0.536 0.512 0.459
N 181 181 105
F-test 2.70 2.70 2.23
χ
2-test 22.45 23.14 12.75
Authors’ calculations. – Standard errors in parentheses. ***/**/*: significant at 1%, 5% and 10%
level, respectively. Regressions were estimated for 5-year changes from 1965 to 2000 including
timedummies.– 1Instrumentsfortheothervariablesarethevaluesin1960,1965,1970,1975,1980,
1985,1990 of the log of per capita GDP and the fertility rate;averages for 1960–1964,1965–1969,
1970–1974,1975–1979,1980–1984,1985–1989,1990–1994oftheinvestmentratio,governmentcon-
sumptionratioandtheinflationrate;thetradeshareservesasitsowninstrument.Maximumnum-
ber of countries is 27. F-test: testing the hypothesis that all country-fixed effects are jointly zero.
ThecriticalvalueoftheF-distribution(1%significance)is1.85.χ
2-test:testingthehypothesisthat
all time-dummies are jointly zero. The critical value of the χ
2-distribution (1% significance) is
16.81 (regression (1) and (2)) and 11.34 (regression 3) respectively.
Table 4Thus previous OLS estimates could be partly affected by endogeneity prob-
lems as well as unobserved heterogeneity.To test the robustness of results the
human capital variables are furthermore instrumented by school enrolment
rates.However,since the first stage of the IV-estimation displays only a weak
correlation of secondary school attainment with lagged gross enrolment ra-
tios13 we confine ourselves to the IV-estimates to average schooling years14.
Estimationresults(table4,column3)indicatethatthelatterdoesnotexhibita
significant impact on economic growth, once unobserved heterogeneity is
taken into account. However, one of the most stable variables so far, the in-
vestment ratio, becomes insignificant. The estimation results thereby cast
doubt on the validity of the instruments.
5. Conclusions
The analysis of the contribution of human capital to economic growth has
been inspired by the contributions of Lucas (1988) and Romer (1989) and the
emergence of comparable cross-country data. Recently the question of re-
turns to human capital investment regained interest by the publication of the
resultsfromPISA2000.Theexistingliterature,focusingonlargecountrysam-
ples, generated rather mixed results. Roughly speaking the stock of human
capital seems to matter for economic growth in cross-country regressions
while the change in education does not. So far even the positive relationship
betweenthehumancapitalstockandeconomicgrowthhasbeenquestionedin
panel data studies.
Hence,this paper focused on the examination of human capital and growth in
a smaller, more homogenous sample of OECD countries. At first glance the
positive link between the human capital stock and growth seems to be con-
firmedinapaneldataframework.Inafixed-effectsmodelanincreaseinaver-
age schooling years of one standard deviation (1.90 years in 1995) raises the
growth rate by 0.9 % perctentage points, all other things equal. Furthermore,
theresultsarerobusttothereplacementofthehumancapitalvariableandthe
extension of the set of explanatory variables.
Fromatheoreticalpointofviewthoughitisnotclearifeconomicgrowthisaf-
fected only by the human capital stock or supplementary by accumulation ef-
fects.Intheempiricalapplicationvariablescoveringthechangeinhumancap-




13 Estimation results are available from the author upon request.
14 See table 6 in the Appendix for the results of the first stage of the IV-estimation.Finally, taking the likely endogeneity of the explanatory variables as well as
possible unobserved heterogeneity into account by implementing an IV-ap-
proach casts some doubts on these results. Overall the impact of the human
capital level on economic growth appears to be fragile.If at all,the positive as-
sociation seems to depend on the chosen human capital variable.The findings
thereby question the role of human capital for economic growth even in the
more homogenous country sample of the OECD.Besides that the explicit ef-
fect of human capital on economic growth is still under consideration
(Krueger, Lindahl 2001: 1112) as a positive relationship between the human
capital stock and economic growth could either be of temporary nature (not
affecting the steady-state growth rate but only steady-state income) or could
only reflect changes in the returns to schooling.
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Growth rate of the log of
real GDP per capita
Annualized;PPP adjusted PWT 6.1
Explanatory variables
Average schooling years Average schooling years of the
population over 25 years of age
Barro,Lee 2001
∆ average schooling years Annualized change in average
schooling years of the population
over 25 years of age
Barro,Lee 2001
Secondary school attainment Percentage of the population aged
25 and over having attained secon-
dary school as the highest level
Barro,Lee 2001
∆ secondary school attainment Annualized change in secondary
school attainment
Barro,Lee 2001
Log of real GDP per capita At the beginning of the sample
period;PPP adjusted
PWT 6.1
Investment ratio Ratio of real investment to real
GDP (PPP adjusted) in the sample
period
PWT 6.1
Fertility rate Births per woman United Nations
Government consumption ratio Ratio of government consumption
to GDP (PPP adjusted)
PWT 6.1
Trade share Ratio of exports and imports to
real GDP (PPP adjusted)
PWT 6.1
Inflation rate Average inflation rate over the
sample period (in %)
IMF International
Financial Statistics
Gross enrolment rate Total enrolment in secondary
education (both genders),regard-
less of age,expressed as a percentage
of the corresponding population
UNESCO
Table 520 Torge Middendorf





















































































































R2 0.953 0.541 0.867 0.890 0.660 1.000 0.198
Regression (2)
Table 6






























































































R2 0.953 0.545 0.5871 0.891 0.657 1.000 0.197
Regression (3)






























































































R2 0.861 0.240 0.710 0.848 0.565 1.000 0.092
Authors’ calculations.– For annotations see table 4.– 1Dependent variable:Secondary school at-
tainment.